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How do we evaluate human and machine visual tracking abilities?
= Designing a universal framework for fair evaluation.
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Motivation: how to scientifically measure the tracking
intelligence of an algorithm?

What are the abilities of humans? = Designing more human-like task to model the dynamic vision ability.
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Target or Distractor? Rethinking Similar Object

Interference in Single Object Tracking
* Visual Object Tracking *# Similar Object Interference ¥ Data Mining

Under Review

Fail Restart+1 Restart+1

first frame: initialization

Visual/Single Object Tracking (VOT/SOT)

. Definition: Provides only the initial position of a moving object, and continuously locates it in a video.
. Characteristics: Sequential decision, category agnostic, instance-level prediction.

video sequence: continuous tracking

Diverse Text Generation for Visual Language Tracking

Based on LLM
& Visual Language Tracking # Large Language Model

CVPRW 2024

. Continuously locating an arbitrarily selected
moving object

Hidden Constraints

Finger in Camera Speaks Everything: Unconstrained Air-

Writing for Real-World

& Air-writing Technique *# Large-scale Benchmark Construction
Human-machine Interaction

Short-term tracking (2013) TCSVT 2024

. Single-target, Model-free, Causal relationship, Short-term, Single-camera
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Global Instance tracking (2022)

. Single-target, Model-free, Causal relationship

Long-term tracking (2018)

. Single-target, Model-free, Causal relationship, Single-camera

TrackinglVet

Early research simplified the task, which is far away from human visual tracking ability.

Visual Intelligence Evaluation Techniques for Sin%e

Object Tracking: A Survey (B8 BfRiIRERFFHIMN 75 £ 5E1F
15?3'2*2%175)

Visual Object Tracking
Al4Science

(b) The computation process of the
normalized precision

(a) Insufficiency of existing precision
indicators

Intelligent Evaluation Technique **
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