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Abstract: Computer vision has gained wide attention in the research of artificial intelligence. After nearly 60 years of
its development, great achievement has been made in aspect of algorithms, technologies, and applications. Over the
past decade, deep learning, which is on the basis of big data and huge computation power, has further ushered
computer vision in an era of large model. However, there remains a huge gap between algorithm adaptability and
human beings. From the perspective of visual task evaluation (in terms of datasets, metrics, and methods), this paper
summarized the development history of computer vision. In addition, a systematic analysis was conducted on the
existing problems and obstacles for the development of computer vision heavily dependent on big data learning. Based
on the analysis, this paper argued that the visual Turing test could be the next research direction of computer vision.
Finally, the development of the visual Turing test and its potential research were discussed.
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The development of computer vision from the perspective of visual task evaluation
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EHIFRW, HREIEBAAEEHENT A, X
BR[601FE HY 5 VR B 2 S A A R 2 5 R 1 A i LI
YIMASE R AT 2 IR B B i8R, AR LA
RFTREH X KM /. thAl, SCER[61]1& I 4%
BE UG NS PR AR FE I B I, BLAS 2 U SR AR 25
tE PR v LS E I I T 45 SR A R 1) 2l
T, BRFERA AT DUAR B g X BURE AR BT SR
A Jr T, AN SEIR R ], AN SEET LA
WRHTUREAS, 11 HL AT DO B 72 [ X SR AN 4
AT T R AT R o 3K A AN — N7 T IR

FLR AR P 2 S B e

PG, EET ORI, A LESEH
AU T R . REDJRIPPAERAE, # NI RI=R
INEEErb, HREE SRR RE TR LR B BE AT
S0 RRPAE  E PE RRAR BEA BASK
NS PR RE R — R PPl iR 2, Hon] BLE— @R
AT AL A SN B VA o A Bl A X R P
REFFENRN, W LMETH RN E G RIE S BN
KA 2 i i, ANITEAE B & HIES SRR
N LR RS — .

42 {ESSHHARH

3 T RN SR TSR VA R A A B 0 B 1 R
AL T SRR AR 2 0GRS T —E kR,
X R S A R R 2 1 BB . (HoE, IR
UNAFFE IR T BE T 3R 20, BAT B B R A T V2475 9%
FAAE HAR AN AR5 5002 T B A 1, 4,
VPG FTEER AL AT 55 AR 5632 s @F 7 AT
Ptk Z BE0 R R iE . @ sk = BAKR R R
XFNKRE AT A RS, L, AR U
PR 5 Pl R DA e K 240 14 1 A0 o A 5% 00 it K
H .

DARRSE 0 25 R0, VTT ¥ k25 ik e
RLANSG RS 2 LW AE S5, & TR AL 5 e
JIERETEEE. BRI, ARMERIHLAS A I — TR R RE
TS BT B PPEAS 45 R . M J5 2R4H X VQA 1175
AP E G KB T RS R A 2 U7
T )25 &, 15 HTHIAL S B R I 1 —
SEMMRZE . SCHR[12]82 1, VTT MU — A%
TR R, AP K E AR F A B AR (“The
interpretation of the questions is unambiguous and
does not require any natural language process”).
U, A BN EHUL 5 A BARAL AT 55 34T 240
AT -

AR FENAL AR S AAAEE B ZER, W)
T A58 B R AT ROV R XE. a0, 1)
PREREE R T AN 1 — T i 1Y,
[ 25 T DAL A PR P s B e b T VR A, (E
HAE T BRI BRERE 55, BUOVIREL, &
PNERIE ERER UL BN R 2% o Xl ER BT 7
FR G AN [FJ AR 58 AT 55 004 5 BEAT AH DL ) B AR B it o
— T E AR DR T SR AR AL R 2 I R T
R0, SR e B 4% X NS A 3 R e i AT
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RO, FRE A AT AR B R

1B R B BAE T, G LEs 1k 2 53 il
I 30% R A, T4 L CNIX G LEs I 7l
Ko JEEEAIHE FLIEA L BIX AN FEAR X AL AR 1 5E o3k
ITVPAG . 28T, B R IFRA R et AR Ee
HHATEAL . MISCHTF SR 0, N\ SRR R RIS B
ARSI ENRE JI AR BB 22 5%, T IA AL e B R
MR BEEFEMRKRAN R, H—JmH, EERNEZE
1R R AR NS RE I BAR B AR #E, Q1 Elo
SRR, FORWL T NI BAR TS Bk
o BRI, FERLE B R A O A A SR A
XA 28R o AN A 00 BE 7 1 9% R AT AT E AL I
A
43 HIEHEEIA

VI E S B AT 55 VPAS PRI 1) B L R R
BRI A, A BRI FIHEZE M E AR R I B o
BB ) 2 B AT 55 KB 43 /& “toy  problem”, F £
L3 BT SN S/E 8 5 N & e = TS0 i G
EE AT 90 HR ) KTH % s 46 F1 Weizmann (085
G078 SRBR R T R SRR T
TR BB SR HL AR BT SN PEA ER B T 4
AEM, BRZXREE S J LR N SAE Y] &
Mz B

FERPAT IR R, A 12 28 B 3REL A5
AR NI RE . X RAES) T AR5 S s R K
RSN ZRANTEAL o LIS R AR S A A B K
W FE RGN, O S Sk B g 5. SR,
B 5 s AR R — AP, O I T B R [
JFACHLG, X AR T XL BT B S vPAl . itk
Gb, Gtk HERR R R T A R E NS EIER &
i R VR X 0] R P B T o

B8 TSR O IR E TR N , BIF ST ) A
B I AT 55 B2 IR AT 55 [ X PLAE 55 . b,
L7 50N 5 B2 0 W R R ) A Sk RO T
PRI, BRI B AR AL 2 B A B A Dy 2 U0,
SO Pt P 2% DLRIE AL U4 . kst e IR 2% 2 o0t
WA T RACR ki . Rk, Bt
&PV R R, AHLEEEXT PR N R /gt
ITHEINAE VAL . AHELTHLES, BT AEDR A
F—E BRI, i N AE P BEAT 45 _E (R B
AT LUANLERRE T PP SR I S K . X
S THE LA E T EL A NS I A A SR B
Z IS

5 & 1

B9 N B REATUR I A it ST 5 1], THEEAL
Mot CAE B 5% SRBEBOR AN S b B2 Y 45 0 T
WAGE KD, HELREEE . KE A Rk
Je i O RVEA RSt BN T — 2P k.
AUV EE T PRI GF I B 2 . PRI AR VP
77 )N EERA, W TR 14 e Rt
ATHLEE . JE X B B R . BRI 3R
BT ENLSE T PRI T R R, JF
SEH T 3 ANETREMITT ) PP RSN I
(I JEE S PP P 25 S B AKEL B0 40 (1 B AL ATVl 24
B S AT B 0 A, K I HE S TH S LA e
TUHIA o

B TR R R T NS 2
REALHERE, (EMRBUEEE . KB A i A st
AME LI R M FRAIAFEZE T . D B ROFT Ak
LR B R R i — M nT 4T 10 B B, DR SEBLE
AL s N SR 015 B TR R R 0 4 B R A AT
B A
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